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ABSTRACT. The study evaluates thirty precipitation products across temporal scales, encompassing gauge,
satellite-derived, and reanalysis types. Gauge products such as CRU, GPCC, and CPC-Global depend on rain gauge
measurements; however, they encounter challenges due to the distribution of gauges. Satellite-based products such as
PERSIANN-CCS, TRMM 3B42, and GPCP offer temporal and spatial resolution, especially in regions lacking gauging
stations. Nevertheless, these satellite-based datasets are indirect and prone to uncertainties. Reanalysis products, including
NCEP1, ERA-Interim, and MERRA, integrate observational data sources to provide atmospheric datasets, which are
invaluable for climate studies. Yet, they possess limitations owing to data assimilation processes and model biases.
Researchers must consider the applications and limitations of each dataset when conducting climate and hydrological
assessments. Although satellite products such as GSMaP and IMERG, along with reanalysis products such as ERA-5 and
MERRA-2, are vital for flood mapping, it is essential to apply bias adjustments before their utilization in flood
modelling.
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as major contributors to this phenomenon (Mitchell &
Jones, 2005). Climate change impacts both natural and
anthropogenic systems from local to global scales (Feng et

1. Introduction

Substantial evidence supports ongoing climate

change, highlighting the significant impact of human
activities, particularly through increasing levels of
atmospheric carbon dioxide and other greenhouse gases,
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al., 2004). The intricate link between the global water
cycle and climate system is characterized by precipitation
(Thornes et al., 2010; Eltahir & Bras, 1996). Precipitation
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affects various aspects of human life across multiple
sectors, including disaster preparedness, water resources
management, agriculture, energy production, and the
economy. By understanding precipitation patterns and
trends (Kidd & Huffman, 2011), societies can better adapt
to changing weather conditions and develop strategies for
sustainable well-being.

Accurate and reliable precipitation data are crucial
for forecasting weather, climate, and hydrological
conditions, which are essential for water resource
management and researching climate trends and
variability (Jiang et al., 2012; Liu et al., 2017). Gauge
readings have been the predominant method for in situ
observations of precipitation (Kidd, 2001), providing
comprehensive climate data sets with varied temporal
resolutions. However, this approach has limitations,
particularly in maritime regions and sparsely populated
areas where coverage is insufficient (Kidd et al., 2017;
Rana et al., 2014). To overcome these gaps, satellite
observations offer more consistent geographical coverage
and high temporal data using advanced infrared (IR) and
microwave (MW) sensors (Kidd & Levizzani, 2010; Xie
et al.,, 2003a). Available satellite-derived datasets for
operational use include CPC, CMORPH, TRMM, and
PERSIANN.

Additionally, products that integrate gauge and
satellite observations have been developed to enhance the
accuracy of climate variable measurements. This approach
leverages the strengths of both data types, aiming to
maximize their respective advantages (Huffman et al.,
1995; Xie et al., 2003a). A prominent example is The
Global Precipitation Climatology Project (GPCP) monthly
precipitation analysis, widely used in climate research to
understand global precipitation patterns and trends by
combining multiple data sources for comprehensive
accuracy (Adler et al., 2003). These diverse precipitation
datasets have proven invaluable across various study
domains. They facilitate the quantification and
demonstration of local and global climate change trends
using varied data sources.

Precipitation data is essential for running and
calibrating hydrological and ecological models. Although
numerous high-resolution climate datasets are used
extensively in research, inconsistencies still exist among
them (Tapiador et al., 2017). These discrepancies can be
attributed to inherent flaws in the data sources and
differences in methodologies during their creation (Gehne
et al., 2016; Jiang et al., 2012; Kidd et al., 2012; Miao et
al., 2015; Sun et al., 2014). The World Meteorological
Organization (WMO) highlights the necessity for at least
30 years of historical data in climate studies. While long-
term precipitation records are often found in gauge-based
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and reanalysis datasets. The satellite-derived datasets are
relatively newer with shorter durations (from 2000
onwards), they provide essential insights into
meteorological processes, drought monitoring, and
hydrological assessments. We aim to conduct a review of
gauge, satellite, and reanalysis datasets the outline of the
shown in the Figure 1.

2. Data and methodology

2.1 Gauge-Based Precipitation Products

Creating a comprehensive, integrated global dataset
for climate research requires compiling data from various
countries. Since its establishment in 1873, the World
Meteorological Organization (WMO) has been pivotal as
a global entity, bringing together 191 member
governments and regions. The organization's primary goal
is to address the growing demand for climate observations
and ensure that collected data is accessible to all nations.
The Global Climate Observing System (GCOS) plays an
essential role in advancing climate research through
promoting transparency and cooperation in data collection
and dissemination (Spence & Townshend, 1995). Despite
the presence of numerous gauge-based observation
systems, it's important to recognize that not all have been
used consistently or simultaneously. Variability in data
availability and continuity from these gauge systems poses
challenges when attempting to construct a comprehensive
and uninterrupted dataset for climate studies (Kidd et al.,
2017).

Data gridding is essential in climate research due to
the uneven distribution of observation stations.
Interpolation techniques are used to create a continuous
spatial representation of climate variables from these
irregularly spaced data points. The Climate Research Unit
(CRU) data set, known for its detailed spatial resolution
and extensive historical coverage, includes precipitation
among other climate factors. It compiles information from
various sources such as gauge readings, satellite
observations, and reanalysis datasets. By integrating
diverse data, the CRU dataset provides insights into long-
term precipitation patterns, supporting climate modeling
and agricultural research.

The Global Precipitation Climatology Centre
(GPCC) specializes in collecting, quality-checking, and
analyzing data from global rain gauges. Its database
comprises data from 158 countries and 31 regional
providers, with national meteorological agencies being the
primary source of information. Additionally, the GPCC
receives monthly climate and daily surface synoptic data
via the World Meteorological Organization's Global
Telecommunication System (WMO GTS). The GPCC
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Fig. 1. Flowchart showing different sources of precipitation dataset

also integrates data from global collections such as those
by the Climate Research Unit (CRU) with data from
11,800 stations, the Food and Agriculture Organization
(FAO) with 13,500 stations, and the Global Historical
Climatology Network (GHCN), which includes data from
34,800 stations through both GHCN2 and GHCN daily
datasets. Data from various regional initiatives by
international organizations further enhance the GPCC
database. This extensive compilation uses information
from over 85,000 stations worldwide, covering more than
two centuries.

The CPC-Global product aggregates precipitation
data from around 30,000 stations worldwide,
incorporating gauge reports from various sources such as
the GTS, the Cooperative Observer Network, and national
meteorological agencies. This comprehensive dataset
offers reliable daily global precipitation information
valuable to climate researchers and meteorologists for
understanding trends and enhancing analyses. However, a
key challenge lies in the variability of observation timings
across different national networks, which can lead to
untagged multiday accumulations affecting data
comparability with other sources (Viney & Bates, 2004).

Gauged rainfall products depend on historical
observations collected by ground stations, with initial
datasets often being similar across various databases.
Consequently, these datasets have generally shown
consistency in their spatial and temporal dimensions.
However, there has been a significant decline in the
number of instruments used to collect this data over time.
In 1901, approximately 10,900 usable stations existed
worldwide, according to the GPCC Full Data Reanalysis
Version 7.0. This number increased to about 49,470 by
July 1970 but subsequently decreased to around 30,000 in
2005 and further down to roughly 10,000 by 2012. The
decline in ground-based observations affects all climatic
data, not just precipitation measurements.
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Several factors contribute to this reduction,
including the rising costs associated with operating these
stations and maintaining personnel (Strangeways, 2006).
Additionally, restrictions on data release from national
meteorological agencies (NMASs), site abandonment,
migration, and economic or political considerations have
further compounded the issue. Traditionally, precipitation
measurement has relied heavily on ground-based gauges,
which offer localized temporal precision but fail to
accurately represent spatial variability due to their uneven
distribution. This is particularly problematic in emerging
nations where such instruments are often unavailable (Xie
& Xiong, 2011). The gauge-based global rainfall products
are summarized in Table 1.

2.2 Satellite Estimates

Satellites are essential for providing real-time data
on precipitation-producing clouds using technologies such
as infrared sensors, precipitation radar, and passive
microwave radiometers. These tools enhance global
observation and analysis of rainfall patterns (Sun et al.,
2018). The sensors can be divided into three groups:
passive MW (PMW), active MW, and visible/IR (VIS/IR)
sensors on geostationary (GEO) and low-earth orbit
(LEO) satellites (Michaelides et al., 2009; Prigent, 2010).

The Visible/Infrared (VIS/IR) approach in
meteorology examines the relationship between cold,
bright cloud tops and convection processes. In this
method, colder cloud tops are indicative of substantial
vertical development within clouds, which is often
associated with more intense rainfall events. A primary
advantage of VIS/IR satellite observations lies in their
extensive coverage capabilities, especially over tropical
regions where ground-based data may be sparse.
Additionally, these satellites offer high temporal
resolution, enabling frequent and timely updates on
weather conditions.
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Table 1

Gauge-based Rainfall Products

Data Set Resolution Frequency Period References
o o B (Harris et al., 2014)
CRU 0.5°x 0.5 Monthly 19012015 (New et al.. 2001)
GHCN-M 5° x 5° Monthly 1900-present (Peterson & Vose,
1997)
0.5° x 0.5°,
GHCN-M 1.0° x 1.0°, Monthly 19012013 (SCh”S(')dleSr)et ik,
2.5°x25°
0.5° x 0.5°,
o o . (Schamm et al.,
GPCC 1.0° x 1.0°, Daily 1988-2013 2014)
25°x25°
GPCC-daily 1.0° x 1.0°, Monthly 1948-2012 (Chen et al., 2002)
0.5° x 0.5°,
o ° (Willmott &
PREC 1.0°x 1.0°, Monthly 1948-present Matsuura, 1995)
2.5°x25°
CPC-Global 0.5°x 0.5° Daily 1979-2005 (Xie et al., 2007)
The Precipitation Measuring Microwave (PMW) Prediction Center Morphing (CMORPH) method

techniques offer a direct method for measuring
precipitation by being sensitive to the size of precipitation
particles, thus providing more accurate estimates than
other methods. One significant advantage is their ability to
penetrate cloud cover, unlike Visible/Infrared (VIS/IR)
observations, which allows for improved global
monitoring and quantification of precipitation (Hollinger
et al., 1987). The launch of the Tropical Rainfall
Measuring Mission (TRMM), including the PMW TRMM
Microwave Imager in 1997, marked a significant
advancement in  tropical  precipitation  analysis
(Kummerow et al., 1998). Various strategies, such as
probabilistic, physical, and iterative algorithms, have been
developed to estimate rainfall effectively (Petty, 1994;
Bauer et al., 2001; Pierdicca et al., 1996; Wentz &
Spencer, 1998), with the Goddard PROFiling scheme
being a widely used method for assessing instantaneous
rainfall and its vertical structure (Kummerow et al., 2001).

While PMW-based methods can accurately
estimate instantaneous rainfall, they are currently limited
to Low Earth Orbit (LEO) satellites, resulting in relatively
poor temporal sampling compared to Geostationary
(GEO) satellite IR instruments that provide rapid updates
every 30 minutes or less (Hong et al., 2012). LEO
satellites with PMW sensors offer near-complete global
coverage approximately every three hours. The Climate
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leverages motion vectors from GEO satellite Infrared
imagery, sampled at 30-minute intervals, to enhance
precipitation estimates derived from Passive Microwave
data (Joyce et al., 2004).

The introduction of the first spaceborne
precipitation radar with TRMM in 1997 enabled Active
Microwave observations for precipitation estimation
(Kummerow et al., 2000). The Global Precipitation
Measurement (GPM) project was established to further
advance rainfall and snowfall observations, providing
updated space-based measurements that led to improved
global precipitation products. These advancements
resulted from more precise instantaneous precipitation
estimates and unified retrieval approaches using a
constellation of MW radiometers (Hou et al., 2014). By
combining motion-based methods like CMORPH with
advanced MW radiometers in initiatives such as GPM has
significantly enhanced the understanding of global
precipitation patterns.

The Climate Prediction Center Morphing
(CMORPH) method integrates data from Passive
Microwave (PMW) sensors and Visible/Infrared (IR)
satellites to produce high-quality precipitation estimates.
When updated PMW data are unavailable, CMORPH
relies on IR data to propagate existing MW-derived
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precipitation features, running analyses every 30 minutes
with an 8 km grid resolution. A critical aspect of this
method is its time-weighted linear interpolation between
successive PMW sensor scans, which ensures temporally
and spatially complete precipitation estimates by
modifying the shape and intensity of precipitation
characteristics. This approach provides a continuous and
coherent representation of precipitation patterns,
maintaining consistent data quality even when direct MW
observations are missing. By leveraging both PMW and
IR technologies, CMORPH effectively enhances the
monitoring and prediction of rainfall events across
different temporal and spatial scales.

The Global PERSIANN Cloud Classification
System (PERSIANN-CCS) is designed to determine
detailed rainfall distribution by leveraging infrared (IR)
brightness temperature data from geostationary Earth orbit
(GEO) satellites and passive microwave (PMW)
measurements from low Earth orbit (LEO) satellites. This
method extracts informative features to perform variable-
threshold cloud segmentation, grouping cloud patches
based on similarity in selected features. Rainfall mapping
is then conducted for each detected cloud cluster using
histogram  matching and exponential  regression
techniques. By fitting curves to plots of pixel brightness
temperature against rainfall rate, PERSIANN-CCS
achieves more precise rainfall distribution estimates
(Hong et al., 2007). Extending the data period from 1983
to the present, the PERSIANN Climate Data Record
(PERSIANN-CDR) offers daily precipitation predictions
at a finer resolution of 0.25° by applying the PERSIANN
algorithm on GridSat-B1 IR satellite data. To enhance
accuracy, an artificial neural network is trained using
Stage IV hourly precipitation data from the National
Centers for Environmental Prediction (NCEP). High-
resolution PERSIANN estimates are further adjusted to
reduce bias using Global Precipitation Climatology
Project (GPCP) data with a resolution of 2.5° (Ashouri et
al., 2015).

The Global Satellite Mapping of Precipitation
(GSMaP) project, supported by the Japan Science and
Technology Agency from 2002 to 2007, aims to develop
precise algorithms for microwave radiometers and
produce high-resolution global precipitation maps. While
rain gauges offer accurate and reliable precipitation data at
specific locations, they face limitations over sparsely
inhabited or marine areas and can be affected by sampling
errors. In contrast, satellite-based estimates provide
uniform spatial coverage but may contain random errors
and biases due to the indirect relationship between
satellite observations and precipitation and issues like
insufficient sampling and algorithmic flaws. To leverage
the strengths of different approaches, efforts have been
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made to merge various data sources for improved
precipitation analysis with regularly gridded fields. One
prominent example is the CPC Merged Analysis of
Precipitation (CMAP), which combines data from
multiple sources for a more comprehensive global
precipitation representation (Xie & Arkin, 1997). Another
key product is the GPCP Version 2, introduced in 2002 as
an enhancement over its original version from 1997. It
integrates Microwave (MW), Infrared (IR), and gauge
data through successive fusion. After correcting satellite
estimates for gauge bias, it merges these with rain gauge
measurements over land using an inverse error variance
algorithm (Adler et al., 2003). This product is widely used
in climate research, hydrological modeling, and other
precipitation-related fields. Despite differences in source
data and merging techniques, there are only minor
variances between GPCP and CMAP analyses (Yin et al.,
2004).

The TRMM 3B43 monthly fields are generated by
integrating multi-satellite and gauge analyses using
inverse random-error variance weighting. This process
involves scaling each 3-hourly combined Passive
Microwave-Infrared (PWM-IR) field to match the values
of the 3B43 grid box, ensuring consistency between
different data sources. The GPCP 1° daily precipitation
analysis (GPCP 1dd), as noted by G. J. Huffman et al.
(2001), is valuable for driving land-surface models,
fulfilling initialization requirements in numerical models,
addressing precipitation advance and retreat, and
validating model forecasts.

The Multi-Source Weighted-Ensemble
Precipitation (MSWEP) dataset is a significant
advancement in global precipitation monitoring, offering
high-resolution data with a 3-hourly temporal resolution
and a spatial granularity of 0.25°. As described by Beck et
al. (2017), MSWEP integrates inputs from rain gauges,
satellite observations, and atmospheric model projections
to provide the best available precipitation estimates in
terms of timing and geography. This comprehensive
approach leverages the strengths of diverse data sources:
ground-based gauge measurements offer reliable
validation points, satellites deliver extensive spatial
coverage even over remote areas, and atmospheric models
contribute temporal consistency by filling gaps when
direct observations are unavailable. By combining these
elements, MSWEP aims to overcome the limitations
inherent in each individual source, producing more
accurate and reliable precipitation estimates that are
crucial for a wide range of applications, including climate
research, hydrological modeling, and weather forecasting.
However, careful consideration must be given to potential
biases and limitations associated with each dataset. Table
2 illustrates a summary of discussed satellite precipitation
products.
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Table 2

Satellite-based Rainfall Products

Data Set Resolution Frequency Period Coverage References
GPCP 2.5° Monthly 1979-present Global (Adler et al., 2003)
GPCP 1dd 1.0° Daily 1996-—present Global (G. Huffman & Bolvin, 2013)
GPCP_PEN_v2.2 25° 5-daily 1979-2014 Global (Xie et al., 2003b)
CMAP 2.5° Monthly 1979-present Global (Xie et al., 2003b) (Xie & Arkin, 1997)
CPC-Global 0.5° Daily 2006—present Global (Xie et al., 2007)
TRMM 3B43 0.25° Monthly 1998—present 50°S-50°N (G. J. Huffman et al., 2007)
TRMM 3B42 0.25° 3 h/Daily 1998-present 50°S-50°N (G. J. Huffman et al., 2007)
GSMaP 0.1° 1 h/daily 2002-2012 60°S-60°N (Ushio et al., 2009)
PERSIANN-CCS 0.04° e an/ 3.6 003present  60°S-60°N (Sorooshian et al., 2000)
PERgIIDAF}NN' 0.25° 3,6 h/Daily 1983—present 60°S-60°N (Ashouri et al., 2015)
CMORPH 0.25°/8 km 3&8‘;%/ 3 002-present  60°S-60°N (Joyce et al., 2004)
GPM 0.1° 38 /3:;;)//3 2015-present 60°S-60°N  (Hou et al., 2014) (Skofronick-Jackson et al., 2018)
MSWEP 0.1°/0.5° 3 h/daily 1979-2017 Global (Beck et al., 2017)

2.3 Reanalysis

Reanalysis systems provide a synthesized estimate
of Earth's atmospheric state by integrating diverse
observational data—such as satellite measurements,
surface station records, and upper-air readings—with
advanced numerical models that encapsulate various
physical and dynamic processes. These systems create
comprehensive and consistent datasets that merge
historical ~ observations with modern  assimilation
techniques and improved model capabilities, offering
spatial homogeneity, temporal continuity, and a
multidimensional hierarchy. The primary goal of
reanalysis is to support climate research, enhance weather
forecasting accuracy, and facilitate the study of long-term
atmospheric trends and variability by producing climatic
variables rooted in physically sound foundations, often
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available with minimal delay. However, it's important to
note that precipitation forecasts generated by these
systems are influenced by factors such as data input
quality, model parameterizations, and complex
interactions  between models and  observations,
underscoring the need for continuous refinement and
validation of reanalysis methodologies.

In this study, we focus on several global reanalysis
systems, including the NCEP/NCAR reanalysis systems
(NCEP1 and NCEP2), ERA-40 and ERA-Interim from the
European Centre for Medium-Range Weather Forecasts
(ECMWEF), Japanese 55-year reanalysis (JRA-55), NCEP
Climate Forecast System Reanalysis, Twenty-First
Century Reanalysis System (20CRv2), and MERRA
(Modern-Era Retrospective Analysis for Research and
Application). Although NCEP2 was intended as an
enhanced version of NCEP1 with corrections for human
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Table 3

Reanalysis of Rainfall Global Products

Data Set Resolution Frequency Period Coverage References
NCEP1 2.5° x 2.5° Monthly/Daily/6 hourly 1948-—present Global (Kalnay et al., 1996)
NCEP2 1.875°x1.875° Monthly/6 hourly 1979-present Global (Kanamitsu et al., 2002)
2.5°x25°
ERA 40 Monthly/6 hourly 1957-2002 Global (Uppala et al., 2005)
1.125°x1.125°
1.5° x 1.5°/
ERA Interim Monthly/6 hourly 1979-present Global (Dee et al., 2011)
0.75°%0.75°
20CRv2 2.0° x 2.0° Monthly/daily/6 hourly 1871-2012 Global (Compo et al., 2011)
JRA-55 60 km Monthly/3 hourly/6 hourly ~ 1958—present Global (Ebita et al., 2011)
MERRA 0.5° x 0.67° Daily 1979-present Global (Rienecker et al., 2011)
MERRA Land 0.5°x0.67° Monthly/Daily/1hourly 1980—present Global (Reichle et al., 2011)
CFSR 38 km 6 hourly 1979-2010 Global (Saha et al., 2010)

errors while maintaining equivalent input data and vertical
resolution (Kanamitsu et al., 2002), several assessments
have found minimal differences in their performance. To
address certain data assimilation challenges present in
ERA-40, the ECMWF developed ERA-Interim. The ERA-
40 dataset, covering 1958 to 2001, was known for
overstating rainfall over tropical oceans; thus, ERA-
Interim was created as an improved version with updated
convective and boundary layer cloud methods that better
represent atmospheric cloud processes (Dee et al., 2011).
These improvements include adjustments in atmospheric
comprehensive integrated ocean-land-atmosphere model,
as described by Saha et al. (2010). This system, along with
MERRA (Modern-Era Retrospective  Analysis  for
Research and Applications), employs distinct data
assimilation methodologies to produce their respective
reanalysis datasets. Another notable dataset is the NOAA
20th Century Reanalysis (20CR), which provides a
continuous record of wvarious atmospheric variables
spanning the entire 20th century, offering an extensive
historical perspective on climate patterns.

Meanwhile, significant advancements have been
made by the Japan Meteorological Agency in its
reanalysis capabilities. Initially, they launched the
Japanese 25-year reanalysis project, which subsequently
evolved into the more comprehensive Japanese 55-year
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stability and reduced precipitation estimates. More recent
reanalysis efforts have resulted in datasets like 20CRv2,
CFSR (Climate Forecast System Reanalysis), and
MERRA, which feature higher spatial resolutions and
more advanced numerical models and data assimilation
techniques.

The Climate Forecast System Reanalysis (CFSR)
assimilates and forecasts atmospheric conditions using
numerical weather prediction techniques based on a

Reanalysis (JRA-55) in 2010, as detailed by Ebita et al.
(2011). These efforts reflect ongoing improvements and
refinements in global reanalysis systems aimed at
enhancing our understanding of past climate conditions.
Table 3 summarizes the discussed reanalysis rainfall
products, providing a comparative overview of their
characteristics and capabilities, although specific details
from the table are not included here.

2.4 Application of global rainfall products for
flood inundation modeling

In a comprehensive evaluation of satellite-derived
precipitation datasets, Chen et al., (2020) identified GPM-
IMERG as the most reliable on a global scale among its
peers. Conversely, GSMaP displayed less favorable
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performance, characterized by higher BIAS values
(>28%) and RMSE values (>1.39 mm hourly and >9.41
mm daily). Compared to the TRMM dataset, GPM-
IMERG significantly reduces precipitation
underestimation across most regions worldwide. However,
while IMERG generally outperforms TMPA, it still
encounters challenges in accurately capturing precipitation
in areas with complex topography.

The ability of Satellite-Derived Precipitation
Products (SPPs) to capture light precipitation events
remains a significant limitation. Specifically, all SPPs
exhibit deficiencies in these scenarios, with Root Mean
Square Error (RMSE) values surpassing 2 mm for daily
assessments and 0.5 mm for hourly evaluations. In terms
of  hydrological performance, GSMaP generally
outperforms IMERG and CHIRPS, with the latter showing
relatively poorer results (Masood et al., 2023). Tam et al.,
(2019) demonstrated that GSMaP-NRT could reliably
generate a flood inundation model using the Rainfall-
Runoff Inundation approach. However, for simulating
discharge and flood extent more accurately, other SRPs
such as PERSIANN-CCS, IMERG-E, and IMERG-L
should be considered after applying necessary bias
adjustments.

Uncertainty in flood modelling is influenced by
several key factors: rainfall estimates, spatial resolution,
and temporal resolution. Rainfall estimates are important
because inaccuracies can lead to deviations in predicting
flood extents; they depend on the quality and density of
available meteorological data, which may vary across
different regions. Spatial resolution pertains to the level of
detail at which geographical features and land elevations
are represented within a model. Higher resolutions
provide more detailed representations, whereas lower
resolutions may overlook critical topographical features
that affect water flow. Temporal resolution involves the
frequency with which data is updated or collected over
time; finer temporal resolutions allow for capturing rapid
changes in rainfall intensity and runoff dynamics, leading
to more accurate flood predictions. Together, these factors
contribute to the uncertainty inherent in flood inundation
models, affecting their reliability and accuracy in
forecasting flood scenarios.

To thoroughly assess rainfall uncertainty, it is
recommended to incorporate ERA-5, CFSR, and
MERRA-2 datasets alongside satellite products. These
datasets collectively offer a more comprehensive
perspective on precipitation patterns and uncertainties
(McClean et al., 2023). MSWEP stands out for its
favorable performance across various statistical metrics
and spatio-temporal resolution, making it highly
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recommended for hydrometeorological applications.
Given that product effectiveness can vary by region,
further research is essential to evaluate both new and
existing reanalysis and satellite-derived rainfall products
for flood modeling across a broader range of climatic
regions.

3. Conclusions

Reliable and accurate precipitation estimates are
essential across various fields such as climate variability
studies, water resource management, agriculture, weather
forecasting, climate modeling, and hydrological
assessments. Capturing the full spectrum of precipitation
patterns presents challenges due to the variability in
intensity, duration, and spatial extent of rainfall events.
Addressing these challenges necessitates integrating
diverse observational platforms like ground-based weather
stations, satellites, radars, and other remote sensing
instruments. Advanced data assimilation techniques and
sophisticated numerical models are crucial for combining
these varied data sources into reliable precipitation
estimates. However, the declining availability of rain
gauges could hinder our ability to monitor future changes
in precipitation patterns effectively.

At a temporal scale, gauge-based precipitation
products generally offer only monthly sampling, which
limits their usefulness for real-time research or monitoring
short-term extreme events such as floods. To produce
gridded precipitation datasets that cover the Earth's
terrain, gauge readings are spatially interpolated. While
this approach provides broader coverage, it may smooth
out extreme values and distort representations of short-
term variations in precipitation. These limitations make it
difficult to compare and integrate precipitation estimates
from different sources, impacting the accuracy of climate
and hydrological analyses.

Integrating various data sources, such as satellite
observations, radar data, and gauge measurements, can
enhance the accuracy and resolution of precipitation
estimates. This integration facilitates better monitoring
and understanding of weather patterns and climate
variability. Satellite precipitation products like GSMaP,
IMERG, CHIRPS, PERSIANN-CCS, MSWEP, along
with reanalysis products ERA-5, CFSR, and MERRA-2,
play significant roles in flood inundation mapping. The
outcomes of studies leveraging these datasets can greatly
benefit government agencies or departments responsible
for issuing early flood warnings and predicting flood
situations, particularly in regions where
hydrometeorological stations are sparse and satellite
images may not be readily accessible.
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It is also suggested that relying solely on direct use
of satellite-based precipitation products for flood
modeling is inadequate. Instead, incorporating a bias
correction step can significantly enhance the accuracy of
these products. This approach will improve our
understanding of how to effectively utilize satellite-based
precipitation data even in areas with limited data
availability, contributing to more accurate and timely
flood forecasting efforts.

Conflict of Interests

The authors declare no conflict of interest related to this
article.

Author statement (Disclaimer)

The contents and views expressed in this research
paper/article are the views of the authors and do not
necessarily reflect the views of the organizations they
belong to.

Authors’ contributions

Vikrant Nikam: Manuscript Writing.
(email: vikrantnikam40@gmail.com)
Mangal Patil: Manuscript up gradation.
(email: mangalpatil43@gmail.com)
Sarika Wandre: Data Arrangement.
(email: sarikawandre@gmail.com)
S. B. Nandgude: Facilitator.

(email: sbnandgudel@gmail.com)
B. R. Nikam: Facilitator.

(email: bhaskarnikam@gmail.com)
K. Prathapan: Facilitator.

(email: kpradapan@gmail.com)

References

Adler, R. F., Huffman, G. J, Chang, A., Ferraro, R., Xie, P.-P.,
Janowiak, J., Rudolf, B., Schneider, U., Curtis, S., Bolvin, D., Gruber,
A., Susskind, J., Arkin, P., & Nelkin, E. ,2003, "The Version-2 Global
Precipitation Climatology Project (GPCP) Monthly Precipitation
Analysis (1979-Present”, Journal of Hydrometeorology, 4, 6, 1147—
1167.  https://doi.org/10.1175/1525-7541(2003)004<1147:TVGPCP
>2.0.CO;2

Ashouri, H., Hsu, K.-L., Sorooshian, S., Braithwaite, D.K., Knapp, K.R.,
Cecil, L.D., Nelson, B.R. and Prat, O.P. (2015) PERSIANN-CDR:
Daily Precipitation Climate Data Record from Multisatellite
Observations for Hydrological and Climate Studies. Bulletin of the
American Meteorological Society, 96, 69-83.
https://doi.org/10.1175/BAMS-D-13-00068.1

Bauer, P., Amayenc, P., Kummerow, C., & Smith, E. (2001). Over-
Ocean Rainfall Retrieval from Multisensor Data of the Tropical
Rainfall Measuring Mission. Part 1I: Algorithm Implementation.
Journal of Atmospheric and Oceanic Technology - J ATMOS OCEAN

639

TECHNOL, 18, 1838-1855. https://doi.org/10.1175/1520-
0426(2001)018<1838:00RRFM>2.0.CO;2

Beck, H., van Dijk, A., Levizzani, V., Schellekens, J., Miralles, D.,
Martens, B., & Roo, A. (2017). MSWEP: 3-hourly 0.25° global
gridded precipitation (1979-2015) by merging gauge, satellite, and
reanalysis data. Hydrology and Earth System Sciences, 21, 589-615.
https://doi.org/10.5194/hess-21-589-2017

Chen, H., Yong, B., Shen, Y., Liu, J., Hong, Y., & Zhang, J. (2020).
Comparison analysis of six purely satellite-derived global precipitation
estimates. Journal of Hydrology, 581, 124376.
https://doi.org/10.1016/j.jhydrol.2019.124376

Chen, M., Xie, P., Janowiak, J. E., & Arkin, P. A. (2002). Global Land
Precipitation: A 50-yr Monthly Analysis Based on Gauge
Observations. Journal of Hydrometeorology, 3(3), 249-266.
https://doi.org/10.1175/1525-541(2002)003<0249:GLPAYM>
2.0.C0O;2

Compo, G. P., Whitaker, J. S., Sardeshmukh, P. D., Matsui, N., Allan, R.
J., Yin, X., Gleason, B. E., Vose, R. S., Rutledge, G., Bessemoulin, P.,
Bronnimann, S., Brunet, M., Crouthamel, R. I, Grant, A. N.,
Groisman, P. Y., Jones, P. D., Kruk, M. C., Kruger, A. C., Marshall, G.
J., ... Worley, S. J. (2011). The Twentieth Century Reanalysis Project.
Quarterly Journal of the Royal Meteorological Society, 137(654), 1-
28. https://doi.org/10.1002/qj.776

Dee, D., P, de, Uppala, Simmons, Berrisford, Poli, P., Kobayashi, S.,
Andrae, U., Balmaseda, M., Balsamo, G., Bauer, Bechtold, Beljaars,
Berg, van, Bidlot, J., Bormann, N., Delsol, Dragani, R., Fuentes, M.,
& Vitart, F. (2011). The ERA-Interim reanalysis: Configuration and
performance of the data assimilation system. Quarterly Journal of the
Royal Meteorological Society, 137, 553-597.
https://doi.org/10.1002/gj.828

Ebita, A., Kobayashi, S., Ota, Y., Moriya, M., Kumabe, R., Onogi, K.,
Harada, Y., Yasui, S., Miyaoka, K., Takahashi, K., Kamahori, H.,
Kobayashi, C., Endo, H., Soma, M., Oikawa, Y., & Ishimizu, T.
(2011). The Japanese 55-year Reanalysis "JRA-55": An Interim
Report. Sola, 7, 149-152. https://doi.org/10.2151/s0la.2011-038

Eltahir, E. A. B., & Bras, R. L. (1996). Precipitation recycling. Reviews
of Geophysics, 34(3), 367-378. https://doi.org/10.1029/96RG01927

Feng, S., Hu, Q. & Qian, W. (2004). Quality control of daily
meteorological data in China, 1951-2000: A new dataset. International
Journal of Climatology, 24, 853-870. https://doi.org/10.1002/joc.1047

Gehne, M., Hamill, T. M., Kiladis, G. N., & Trenberth, K. E. (2016).
Comparison of global precipitation estimates across a range of
temporal and spatial scales. Journal of Climate, 7773-7795.
https://doi.org/10.1175/JCLI-D-15-0618.1

Harris, 1., Jones, P., Osborn, T., & Lister, D. (2014). Updated high-
resolution grids of monthly climatic observations—The CRU TS3.10

Dataset. International Journal of Climatology, 34, n/a-n/a.
https://doi.org/10.1002/joc.3711
Hollinger, J., Lo, R., & Poe, G. (1987). Special sensor

microwave/imager user’s guide. Washington, DC: Navel Research
Laboratory.

Hong, Y., Chen, S., Xue, X., & Hodges, G. (2012). Global Precipitation
Estimation and Applications (pp. 371-386).
https://doi.org/10.1201/b11279-21


mailto:vikrantnikam40@gmail.com
mailto:mangalpatil43@gmail.com
mailto:sarikawandre@gmail.com
mailto:sbnandgude1@gmail.com
https://doi.org/10.1175/1525-7541(2003)004%3c1147:TVGPCP%20%3e2.0.CO;2
https://doi.org/10.1175/1525-7541(2003)004%3c1147:TVGPCP%20%3e2.0.CO;2
https://doi.org/10.1175/BAMS-D-13-00068.1
https://doi.org/10.1175/1520-0426(2001)018%3c1838:OORRFM%3e2.0.CO;2
https://doi.org/10.1175/1520-0426(2001)018%3c1838:OORRFM%3e2.0.CO;2
https://doi.org/10.5194/hess-21-589-2017
https://doi.org/10.1016/j.jhydrol.2019.124376
https://doi.org/10.1175/1525-541(2002)003%3c0249:GLPAYM%3e%202.0.CO;2
https://doi.org/10.1175/1525-541(2002)003%3c0249:GLPAYM%3e%202.0.CO;2
https://doi.org/10.1002/qj.776
https://doi.org/10.1002/qj.828
https://doi.org/10.2151/sola.2011-038
https://doi.org/10.1029/96RG01927
https://doi.org/10.1002/joc.1047
https://doi.org/10.1175/JCLI-D-15-0618.1
https://doi.org/10.1002/joc.3711
https://doi.org/10.1201/b11279-21

MAUSAM, 77, 2 (April 2026)

Hong, Y., Gochis, D., Cheng, J.-T., Hsu, K.-L. and Sorooshian, S.
(2007), Evaluation of PERSIANN-CCS rainfall measurement using the
NAME event rain gauge network, Journal of Hydrometeorology, 8,
469-482, https://doi.org/10.1175/JHM574.1

Hou, A. Y., Kakar, R. K., Neeck, S., Azarbarzin, A. A., Kummerow, C.
D., Kojima, M., Oki, R., Nakamura, K., & lguchi, T. (2014). The
Global Precipitation Measurement Mission. Bulletin of the American
Meteorological Society, 95(5), 701-722.
https://doi.org/10.1175/BAMS-D-13-00164.1

Huffman, G., & Bolvin, D. (2013).
Precipitation Data Set Documentation.

GPCP One-Degree Daily

Huffman, G. J., Adler, R. F., Morrissey, M. M., Bolvin, D. T., Curtis, S.,
Joyce, R., McGavock, B., & Susskind, J. (2001). Global Precipitation
at One-Degree Daily Resolution from Multisatellite Observations.
Journal of Hydrometeorology, 2(2), 36-50.
https://doi.org/10.1175/1525-
7541(2001)002<0036:GPAODD>2.0.CO;2

Huffman, G. J., Adler, R. F., Rudolf, B., Schneider, U., & Keehn, P. R.
(1995). Global Precipitation Estimates Based on a Technique for
Combining Satellite-Based Estimates, Rain Gauge Analysis, and NWP
Model Precipitation Information. Journal of Climate, 8(5), 1284-1295.

Jiang, S., Ren, L., Hong, Y., Yong, B., Yang, X., Yuan, F., & Ma, M.
(2012). A comprehensive evaluation of multi-satellite precipitation
products with a dense rain gauge network and optimally merging their
simulated hydrological flows using the Bayesian model averaging
method. Journal of Hydrology, 452-453, 213-225.
https://doi.org/10.1016/j.jhydrol.2012.05.055

Joyce, R. J., Janowiak, J. E., Arkin, P. A., & Xie, P. (2004). CMORPH:
A Method that Produces Global Precipitation Estimates from Passive
Microwave and Infrared Data at High Spatial and Temporal
Resolution.  Journal of Hydrometeorology, 5(3), 487-503.
https://doi.org/10.1175/1525-
7541(2004)005<0487:CAMTPG>2.0.CO;2

Kalnay, E., Kanamitsu, M., Kistler, R., Collins, W., Deaven, D., Gandin,
L., Iredell, M., Saha, S., White, G., Woollen, J., Zhu, Y., Chelliah, M.,
Ebisuzaki, W., Higgins, W., Janowiak, J., Mo, K. C., Ropelewski, C.,
Wang, J., Leetmaa, A., ... Joseph, D. (1996). The NCEP/NCAR 40-
Year Reanalysis Project. Bulletin of the American Meteorological
Society, 77(3), 437-472. https://doi.org/10.1175/1520-
0477(1996)077<0437:TNYRP >2.0. CO;2

Kanamitsu, M., Ebisuzaki, W., Woollen, J., Yang, S.-K., Hnilo, J. J.,
Fiorino, M., & Potter, G. L. (2002). NCEP-DOE AMIP-II Reanalysis
(R-2). Bulletin of the American Meteorological Society, 83(11), 1631
1644. https://doi.org/10.1175/BAMS-83-11-1631

Kidd, C. (2001). Satellite rainfall climatology: A review. International
Journal of Climatology, 21, 1041-1066. https://doi.org/10.1002/
joc.635

Kidd, C., Bauer, P., Turk, J., Huffman, G. J., Joyce, R., Hsu, K.-L., &
Braithwaite, D. (2012). Intercomparison of High-Resolution
Precipitation Products over Northwest Europe. Journal of
Hydrometeorology, 13(1), 67-83. https://doi.org/10.1175/JHM-D-11-
042.1

Kidd, C., Becker, A., Huffman, G. J., Muller, C. L., Joe, P., Skofronick-
Jackson, G., & Kirschbaum, D. B. (2017). So, How Much of the
Earth's Surface Is Covered by Rain Gauges? Bulletin of the American
Meteorological Society, 98(1), 69-78. https://doi.org/10.1175/ BAMS-
D-14-00283.1

640

Kidd, C., & Huffman, G. (2011). Global precipitation measurement.
Meteorological Applications, 18(3), 334-353.
https://doi.org/10.1002/met.284

Kidd, C., & Levizzani, V. (2010). Status of satellite precipitation
retrievals. Hydrology and Earth System Sciences Discussions, 7.
https://doi.org/10.5194/hessd-7-8157-2010

Kummerow, C., Barnes, W., Kozu, T., Shiue, J., & Simpson, J. (1998).
The Tropical Rainfall Measuring Mission (TRMM) sensor package.
Journal of Atmospheric and Oceanic Technology - J ATMOS OCEAN
TECHNOL, 15, 809-817. https://doi.org/10.1175/1520-
0426(1998)015<0809: TTRMMT>2.0.CO;2

Kummerow, C., Hong, Y., Olson, W. S., Yang, S., Adler, R. F,
McCollum, J., Ferraro, R., Petty, G., Shin, D.-B., & Wilheit, T. T.
(2001). The Evolution of the Goddard Profiling Algorithm (GPROF)
for Rainfall Estimation from Passive Microwave Sensors. Journal of
Applied Meteorology, 40(11), 1801-1820.
https://doi.org/10.1175/1520-
0450(2001)040<1801: TEOTGP>2.0.CO;2

Kummerow, C., Simpson, J., Thiele, O., Barnes, W., Chang, A. T. C.,
Stocker, E. et al. (2000), The status of the Tropical Rainfall Measuring
Mission (TRMM) after two years in orbit, Journal of Applied
Meteorology, 39,  1965-1982,  https://doi.org/10.1175/1520-
0450(2001)040<1965:TSOTTR>2.0.CO;2

Liu, X., Yang, T., Hsu, K., Liu, C., & Sorooshian, S. (2017). Evaluating
the streamflow simulation capability of PERSIANN-CDR daily
rainfall products in two river basins on the Tibetan Plateau. Hydrology
and Earth System Sciences, 21(2), 169-181.
https://doi.org/10.5194/hess-21-169-2017

Masood, M., Naveed, M., Igbal, M., Nabi, G., Kashif, H. M., Jawad, M.,
& Mujtaba, A. (2023). Evaluation of Satellite Precipitation Products
for Estimation of Floods in Data-Scarce Environment. Advances in
Meteorology, 2023, 1-17. https://doi.org/10.1155/2023/1685720

McClean, F., Dawson, R., & Kilsby, C. (2023). Intercomparison of
global reanalysis precipitation for flood risk modelling. Hydrology and
Earth System Sciences, 27(2), 331-347. https://doi.org/10.5194/hess-
27-331-2023

Miao, C., Ashouri, H., Hsu, K.-L., Sorooshian, S., & Duan, Q. (2015).
Evaluation of the PERSIANN-CDR Daily Rainfall Estimates in
Capturing the Behavior of Extreme Precipitation Events over China.
Journal of Hydrometeorology, 16(3), 1387-1396.
https://doi.org/10.1175/JHM-D-14-0174.1

Michaelides, S., Levizzani, V., Anagnostou, E., Bauer, P., Kasparis, T.,
& Lane, J. E. (2009). Precipitation: Measurement, remote sensing,
climatology, and modelling. Atmospheric Research, 94, 512-533.
https://doi.org/10.1016/j.atmosres.2009.08.017

Mitchell, T. D., & Jones, P. D. (2005). An improved method of
constructing a database of monthly climate observations and
associated high-resolution grids. International Journal of Climatology,
25(6), 693-712. https://doi.org/10.1002/joc.1181

New, M., Todd, M., Hulme, M., & Jones, P. (2001). Precipitation
Measurements and Trends in the Twentieth Century. International
Journal of Climatology, 21, 1899-+.
https://doi.org/10.1002/joc.680.abs

Peterson, T. C., & Vose, R. S. (1997). An Overview of the Global
Historical Climatology Network Temperature Database. Bulletin of the
American Meteorological Society, 78(12), 2837-2850.
https://doi.org/10.1175/1520-0477(1997)078<2837:AOOTGH>
2.0.C0O;2

Petty, G. (1994). Physical retrievals of over-ocean rain rate from
multichannel microwave imagery. Part Il: Algorithm implementation.


https://doi.org/10.1175/JHM574.1
https://doi.org/10.1175/BAMS-D-13-00164.1
https://doi.org/10.1175/1525-7541(2001)002%3c0036:GPAODD%3e2.0.CO;2
https://doi.org/10.1175/1525-7541(2001)002%3c0036:GPAODD%3e2.0.CO;2
https://doi.org/10.1016/j.jhydrol.2012.05.055
https://doi.org/10.1175/1525-7541(2004)005%3c0487:CAMTPG%3e2.0.CO;2
https://doi.org/10.1175/1525-7541(2004)005%3c0487:CAMTPG%3e2.0.CO;2
https://doi.org/10.1175/1520-0477(1996)077%3c0437:TNYRP%20%3e2.0.%20CO;2
https://doi.org/10.1175/1520-0477(1996)077%3c0437:TNYRP%20%3e2.0.%20CO;2
https://doi.org/10.1175/JHM-D-11-042.1
https://doi.org/10.1175/JHM-D-11-042.1
https://doi.org/10.1175/%20BAMS-D-14-00283.1
https://doi.org/10.1175/%20BAMS-D-14-00283.1
https://doi.org/10.1002/met.284
https://doi.org/10.5194/hessd-7-8157-2010
https://doi.org/10.1175/1520-0450(2001)040%3c1801:TEOTGP%3e2.0.CO;2
https://doi.org/10.1175/1520-0450(2001)040%3c1801:TEOTGP%3e2.0.CO;2
https://doi.org/10.1175/1520-0450(2001)040%3c1965:TSOTTR%3e2.0.CO;2
https://doi.org/10.1175/1520-0450(2001)040%3c1965:TSOTTR%3e2.0.CO;2
https://doi.org/10.1155/2023/1685720
https://doi.org/10.5194/hess-27-331-2023
https://doi.org/10.5194/hess-27-331-2023
https://doi.org/10.1175/JHM-D-14-0174.1
https://doi.org/10.1016/j.atmosres.2009.08.017
https://doi.org/10.1002/joc.1181
https://doi.org/10.1002/joc.680.abs
https://doi.org/10.1175/1520-0477(1997)078%3c2837:AOOTGH%3e%202.0.CO;2
https://doi.org/10.1175/1520-0477(1997)078%3c2837:AOOTGH%3e%202.0.CO;2

NIKAM et. al.: A COMPREHENSIVE REVIEW OF GLOBAL PRECIPITATION PRODUCTS

Meteorol. Atmos. Phys.,
https://doi.org/10.1007/BF01030054

54, 101-121.

Pierdicca, N., Marzano, F. S., d’Auria, G., Basili, P., Ciotti, P., &
Mugnai, A. (1996). Precipitation retrieval from spaceborne microwave
radiometers based on maximum a posteriori probability estimation.
IEEE Transactions on Geoscience and Remote Sensing, 34(4), 831-
846. https://doi.org/10.1109/36.508401

Prigent, C. (2010). Precipitation retrieval from space: An overview.
Comptes Rendus Geoscience - C R GEOSCI, 342, 380-389.
https://doi.org/10.1016/j.crte.2010.01.004

Rana, S., Mcgregor, J., & Renwick, J. (2014). Precipitation Seasonality
over the Indian Subcontinent: An Evaluation of Gauge, Reanalyses and
Satellite Retrievals. Journal of Hydrometeorology.
https://doi.org/10.1175/JHM-D-14-0106.1

Reichle, R. H., Koster, R. D., Lannoy, G. J. M. D., Forman, B. A,, Liu,
Q., Mahanama, S. P. P, & Touré, A. (2011). Assessment and
Enhancement of MERRA Land Surface Hydrology Estimates. Journal
of Climate, 24(24), 6322-6338. https://doi.org/10.1175/JCLI-D-10-
05033.1

Rienecker, M. M., Suarez, M. J., Gelaro, R., Todling, R., Bacmeister, J.,
Liu, E., Bosilovich, M. G., Schubert, S. D., Takacs, L., Kim, G.-K,,
Bloom, S., Chen, J., Collins, D., Conaty, A., Silva, A. da, Gu, W.,
Joiner, J., Koster, R. D., Lucchesi, R., ... Woollen, J. (2011). MERRA:
NASA's Modern-Era Retrospective Analysis for Research and
Applications.  Journal ~ of  Climate, 24(14), 3624-3648.
https://doi.org/10.1175/JCLI-D-11-00015.1

Saha, S., Moorthi, S., Pan, H.-L., Wu, X., Wang, J., Nadiga, S., Tripp,
P., Kistler, R., Woollen, J., Behringer, D., Liu, H., Stokes, D.,
Grumbine, R., Gaynor, G., Wang, J., Hou, Y.-T., Chuang, H., Juang,
H.-M. H., Sela, J., ... Goldberg, M. (2010). The NCEP Climate
Forecast System Reanalysis. Bulletin of the American Meteorological
Society, 91(8), 1015-1058. https://doi.org/10.1175/2010BAMS3001.1

Schamm, K., Ziese, M., Becker, A., Finger, P., Meyer-Christoffer, A.,
Schneider, U., Schroder, M., & Stender, P. (2014). Global gridded
precipitation over land: A description of the new GPCC First Guess
Daily product. Earth System Science Data, 6(1), 49-60.
https://doi.org/10.5194/essd-6-49-2014

Schneider, U., Becker, A., Finger, P., Meyer-Christoffer, A., Ziese, M.,
& Rudolf, B. (2013). GPCC's new land surface precipitation
climatology is based on quality-controlled in situ data and its role in
quantifying the global water cycle. Theoretical and Applied
Climatology, 115. https://doi.org/10.1007/s00704-013-0860-x

Skofronick-Jackson, G., Kirschbaum, D., Petersen, W., Huffman, G.,
Kidd, C., Stocker, E., & Kakar, R. (2018). The Global Precipitation
Measurement (GPM) mission's scientific achievements and societal
contributions: Reviewing four years of advanced rain and snow
observations. Quarterly Journal of the Royal Meteorological Society.
Royal Meteorological Society (Great Britain), 144(51), 27-48.
https://doi.org/10.1002/qj.3313

Sorooshian, S., Hsu, K., Gao, X., Gupta, H., Imam, B., & Braithwaite, D.
(2000). Evaluation of PERSIANN SystemSatellite—Based Estimates of
Tropical Rainfall. Bulletin of The American Meteorological Society -
BULL AMER METEOROL SOC, 81. https://doi.org/10.1175/1520-
0477(2000)081<2035:EOPSSE>2.3.CO;2

Spence, T. and Townshend, J. (1995), The Global Climate Observing
System (GCOS), Climatic Change, 31, 131-134,
https://doi.org/10.1007/BF01095141.

641

Strangeways, |. (2006). Precipitation: Theory, measurement and
distribution. Cambridge: Cambridge University Press.

Sun, Q., Kong, D., Miao, C., Duan, Q., Yang, T., Ye, A, Di, Z,, &
Gong, W. (2014). Variations in global temperature and precipitation
for the period of 1948 to 2010. Environmental Monitoring and
Assessment, 186(9), 5663-5679. https://doi.org/10.1007/s10661-014-
3811-9

Sun, Q., Miao, C., Duan, Q., Ashouri, H., Sorooshian, S., & Hsu, K.
(2018). A Review of Global Precipitation Data Sets: Data Sources,
Estimation, and Intercomparisons. Reviews of Geophysics, 56(1), 79—
107. https://doi.org/10.1002/2017RG000574

Tam, Abd Rahman, Harun, Hanapi, & Kaoje. (2019). Application of
Satellite Rainfall Products for Flood Inundation Modelling in Kelantan
River Basin, Malaysia. Hydrology, 6(4), 95.
https://doi.org/10.3390/hydrology6040095

Tapiador, F. J., Navarro, A., Levizzani, V., Garcia-Ortega, E., Huffman,
G. J.,, Kidd, C., Kucera, P. A., Kummerow, C. D., Masunaga, H.,
Petersen, W. A., Roca, R., Sanchez, J.-L., Tao, W.-K., & Turk, F. J.
(2017). Global precipitation measurements for validating climate
models. Atmospheric Research, 197, 1-20.
https://doi.org/10.1016/j.atmosres.2017.06.021

Thornes, J., Bloss, W., Bouzarovski, S., Cai, X., Chapman, L., Clark, J.,
Dessai, S., Du, S., der Horst, D. van, Kendall, M., Kidd, C., &
Randalls, S. (2010). Communicating the value of atmospheric services.
Meteorological Applications, 17(2), 243-250.
https://doi.org/10.1002/met.200

Uppala, M., Kallberg, W., Simmons, J., Andrae, U., Bechtold, D.,
Fiorino, M., Gibson, K., Haseler, J., Hernandez, A., Kelly, A, Li, X.,
Onogi, K., Saarinen, S., Sokka, N., Allan, P., Andersson, E., Arpe, K.,
Balmaseda, A., Van De Berg, L., ... Woollen, J. (2005). The ERA-40
reanalysis. Quarterly Journal of the Royal Meteorological Society,
2961-3012. https://doi.org/10.1256/qj.04.176

Ushio, T., SASASHIGE, K., KUBOTA, T., Shige, S., OKAMOTO, K.,
Aonashi, K., INOUE, T., Takahashi, N., Iguchi, T., KACHI, M., OKI,
R., & MORIMOTO, T. (2009). A Kalman Filter Approach to the
Global Satellite Mapping of Precipitation (GSMaP) from Combined
Passive Microwave and Infrared Radiometric Data. Journal of The
Meteorological Society of Japan - J METEOROL SOC JPN, 87A, 137—
151. https://doi.org/10.2151/jmsj.87A.137

Viney, N., & Bates, B. (2004). It never rains on Sunday: The prevalence
and implications of untagged multiday rainfall accumulations in the
Australian high-quality data set. International Journal of Climatology,
24,1171-1192. https://doi.org/10.1002/joc.1053

Wentz, F. J., & Spencer, R. W. (1998). SSM/I Rain Retrievals within a
Unified All-Weather Ocean Algorithm. Journal of the Atmospheric
Sciences, 55(9), 1613-1627. https://doi.org/10.1175/1520-
0469(1998)055<1613:SIRRWA>2.0.CO;2

Willmott, C. J., & Matsuura, K. (1995). Smart Interpolation of Annually
Averaged Air Temperature in the United States. Journal of Applied
Meteorology and Climatology, 34(12), 2577-2586.
https://doi.org/10.1175/1520-
0450(1995)034<2577:SIOAAA>2.0.CO;2

Xie, P., & Arkin, P. A. (1997). Global Precipitation: A 17-Year Monthly
Analysis Based on Gauge Observations, Satellite Estimates, and
Numerical Model Outputs. Bulletin of the American Meteorological
Society, 78(11), 2539-2558. https://doi.org/10.1175/1520-
0477(1997)078<2539:GPAYMA>2.0.CO;2


https://doi.org/10.1007/BF01030054
https://doi.org/10.1109/36.508401
https://doi.org/10.1016/j.crte.2010.01.004
https://doi.org/10.1175/JHM-D-14-0106.1
https://doi.org/10.1175/JCLI-D-10-05033.1
https://doi.org/10.1175/JCLI-D-10-05033.1
https://doi.org/10.1175/JCLI-D-11-00015.1
https://doi.org/10.1175/2010BAMS3001.1
https://doi.org/10.5194/essd-6-49-2014
https://doi.org/10.1007/s00704-013-0860-x
https://doi.org/10.1002/qj.3313
https://doi.org/10.1175/1520-0477(2000)081%3c2035:EOPSSE%3e2.3.CO;2
https://doi.org/10.1175/1520-0477(2000)081%3c2035:EOPSSE%3e2.3.CO;2
https://doi.org/10.1007/BF01095141.
https://doi.org/10.1007/s10661-014-3811-9
https://doi.org/10.1007/s10661-014-3811-9
https://doi.org/10.1002/2017RG000574
https://doi.org/10.3390/hydrology6040095
https://doi.org/10.1016/j.atmosres.2017.06.021
https://doi.org/10.1002/met.200
https://doi.org/10.1256/qj.04.176
https://doi.org/10.2151/jmsj.87A.137
https://doi.org/10.1002/joc.1053
https://doi.org/10.1175/1520-0469(1998)055%3c1613:SIRRWA%3e2.0.CO;2
https://doi.org/10.1175/1520-0469(1998)055%3c1613:SIRRWA%3e2.0.CO;2
https://doi.org/10.1175/1520-0450(1995)034%3c2577:SIOAAA%3e2.0.CO;2
https://doi.org/10.1175/1520-0450(1995)034%3c2577:SIOAAA%3e2.0.CO;2
https://doi.org/10.1175/1520-0477(1997)078%3c2539:GPAYMA%3e2.0.CO;2
https://doi.org/10.1175/1520-0477(1997)078%3c2539:GPAYMA%3e2.0.CO;2

MAUSAM, 77, 2 (April 2026)

Xie, P., Janowiak, J. E., Arkin, P. A., Adler, R., Gruber, A., Ferraro, R.,
Huffman, G. J., & Curtis, S. (2003a). GPCP Pentad Precipitation
Analyses: An Experimental Dataset Based on Gauge Observations and
Satellite Estimates. Journal of Climate, 16(13), 2197-2214.

Xie, P., Janowiak, J. E., Arkin, P. A., Adler, R., Gruber, A., Ferraro, R.,
Huffman, G. J., & Curtis, S. (2003b). GPCP Pentad Precipitation
Analyses: An Experimental Dataset Based on Gauge Observations and
Satellite Estimates. Journal of Climate, 16(13), 2197-2214.
https://doi.org/10.1175/2769.1

Xie, P., & Xiong, A.-Y. (2011). A conceptual model for constructing
high-resolution gauge-satellite merged precipitation analyses. Journal

642

of  Geophysical  Research  (Atmospheres), 116,  21106.
https://doi.org/10.1029/2011JD016118

Xie, P., Yatagai, A., Chen, M., Hayasaka, T., Fukushima, Y., Liu, C., &
Yang, S. (2007). A Gauge-Based Analysis of Daily Precipitation over
East Asia. Journal of Hydrometeorology - J HYDROMETEOROL, 8.
https://doi.org/10.1175/JHM583.1

Yin, X., Gruber, A., & Arkin, P. (2004). Comparison of the GPCP and
CMAP Merged Gauge-Satellite Monthly Precipitation Products for the
Period 1979-2001. Journal of Hydrometeorology, 5, 1207-1222.
https://doi.org/10.1175/JHM-392.1


https://doi.org/10.1175/2769.1
https://doi.org/10.1029/2011JD016118
https://doi.org/10.1175/JHM583.1
https://doi.org/10.1175/JHM-392.1

